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Bayesian optimization analysis of containment venting strategies in a severe accident
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Logic control rules for Vent: open when (P >P)U((P>P)n(M <M,)),closewhen (P<P)uU(M >M,)
the open/close of the Here, P is the drywell pressure; Py is 1.5 times of the design pressure of containment; P, and M; are the
wetwell venting criteria for a venting strategy, the setting of which will be decided via Bayesian optimization.
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Here, K is the covariance function between any two points, and is defined as

k(xp,xq):exp(—(xp —xq)z/ZIz).

Prediction model based
on Gaussian processes

a(X)=xo(X)—u(X) Here, ais used to evaluate the possibility of a point whose output may be

Acquisition Function . . . o
a the minimum,; « is used to control the trend of exploration (global) or exploitation (local).
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