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Research on optimal data mining method for factor analysis of high
medical expenses
Fuminori Muranaga™, Takashi Iwaanakuchi™, Yumiko Uto™ , Ichiro Kumamoto ™

*1 Medical Informatics, Kagoshima University Hospital ,
*2 Medical Information Science, Kagoshima University Graduate School of Medical and Dental Sciences

Abstract

[Background] The purpose of this study is to investigate the optimal data analysis method to analyze factors that
increase medical cost, even though it is the same diagnosis. [Method] In this study, we investigate the causes of
the medical costs of 365 patients diagnosed with hepatocellular carcinoma at Kagoshima University Hospital
between 2011 and 2015, clusters by k-mean method, association analysis by apriori, Bayesian Network, and
neural network. [Results and discussion] Among the four methods, it was possible to distinguish patients who
were expensive only from machine learning using neural networks. However, the weight of the learned neural
network changed greatly with each learning. From now on, we would like to continue our research on the method
of analyzing the weights of neurons learned by neural networks.

Keywords: medical cost analysis, data mining, neural network.
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