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Abstract

A falling accident in hospitals is one of the import problems that affect a quality of life of patients and the number
of the accidents is increasing as aging of patients. Identifying important predicative indicators for the accident helps
account for the accidents and may lead to decrease the accidents. We extracted important factors for falling accidents
in an acute hospital from EHR data. We analyzed structured EHR data of 51,886 patient-days with 918 variables
using gradient boosting decision tree, one of the machine learning techniques. Extracted factors include not only
well-known factors such as risk scores of falling accidents but also new factors such as the number of cigarettes
smoked. This method may be useful to identify previously unknown but significant factors related to the accidents.
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