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The secondary use of electronic medical records (EMRs) has been pursued in Japan and it is expected to utilize a
huge amount of medical information in EMRs. Term weighting is essentially significant for medical document
analysis which especially requires natural language processing techniques because of the nature of medical
documents. Although there are many term weighting methods depending on analytical purposes, with the
methodology supporting the pre-processing, enhancing knowledge acquisition support by big data analysis in
medical domain is accomplished. To this end, the objective of this paper is to investigate a construction method of
term hierarchy which composes of terms’ set based on the analytical purpose of medical document analysis. We
considered term hierarchy which composes of independent and dependent terms’ set for analytical purposes, by
exploiting medical knowledge UMLS, ICD-10, a ranking corresponding to ICD-10 and a machine learning
technique. We especially employed Word2Vec to consider similar dependent terms’ set based on the proximity
relationship, to deal with the problem of ICD-10 where the codes are assigned to diseases, despite not only terms
regarding diseases but also terms regarding drugs, tests and procedures are contained in medical documents. We
also considered the exploitation of the term hierarchy for supporting analytical purpose-based term weighting.
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