JAMI EI7TEEREHRFEARS (BISOHFAERBERFIFMAR)

—OE

— % RS

MBI

20175FE118B21H(KX) 08:30 ~ 10:00 G&3¥% (10F & =1006-1007)

[2-G-1-OP5-6] 7 1) Z HJIL/XR & AfRBFicsx 2 AW -EREZERREDOHTE
LT &%, 50 @8, 88 FA3 he B, B EFE? OANKEREAT A AL - AV T A—YavE
v — 2NMKZEREBAERFE L V9 —, 3 FESRERRKR)

(=401

BEE, FRBBRYATLICEBINZEREXEICDOWT, TFAMNAZV I PEARSENIEICK ZHEIED
S5NTW3E, EEXEICIIARFLEPF B, FEER. BRIV RENHY., ThEThBZEOER
T PHE, BIRICETIEELIZHINTWS, JUZAIRRIE, ZV—=FFAMIE->TEHF NS
B[ERECZEFUDL T I MALPHERIBEEHE LT, BELEATERINTWS, S0, 77 MALNY) TV
2 & ABRRFRRER A T RICL T, WIEREFOEEREDDAEITV. FEEFICK 2HEMREERELL -,
(%]

SMHRR AICB 1T 52014F48 0 52016 F 1B OKIEE S ) — AL/ RBERAERF (1,2226]) Z1®FKeE L

Teo 12FEEDT O MALN) TV R E ABRREHRPOEZEFZBMEE LT REI VI VZEELEL, BHNER
IEABRRE JICS 2MT A E (BfE) & L7z, SRBAZEHE LT32D/R9—>, (A) 128D T7 I M HALN) TV
A, (B) ABzhssgs®k. (C) A+ B%AEREL. SupportVector Machinex @B LHBIETIEEE L, A3
7 EAL NBEOEHICL ZBHERIRATVWEOSNAZETINIC D WVWTSHDEIRERE CTHBIMAETM A 17 - 7=,

(R - ER]

BWFEMBEICDWVWT N=6MDIFA. A) EEZH0.37, FfE0.35. B) EEH0.83. FfE 0.56. C) EEZ0.84, Fi&
0.63THo7z, £ BE COMREDHBELETEE., COANDVARVEFNSRE LI-MEDOHBE TH > 72,
CTlE. ZORMNALNYTUZRNLELARATICEENTEY., THLEHRBICHELTWREEAONS, NIF
EEEBEORBRERFELT. ZFOMNALNRYT RS TR Z)LY A VRE, MIRRERE] AHEEIH
7=o

TH¥E A NDEECIIBIRCOFTRERLICES T 270, SHRITABRRFEEL YHH I NEHEEIC D WTREE
L. ZVZAHINRIADEAERTT B,

O—M#tEEAN BAERFRER



D) ZAINREARF L HZZAWV-EFZIREDHTE
N EHE, A BISH AL, PR ER, BT 5
*1 jLJIUt?WﬁI%%T/m/I/ AT FA—arwo i —,
*2 WA REAIHPE
*3 JUMN KA AR e B R 22—

Prediction of a patient condition with clinical pathway and admission
record
Takanori Yamashita™, Yoshifumi Wakata™, Hidehisa Soejima*2, Naoki Nakashima™, Sachio Hirokawa™
*1 Medical Information Center, Kyushu University Hospital,

*2 Saiseikai Kumamoto Hospital,
*3 Research Institute for Information Technology, Kyushu University

Recently, the study for medical records accumulated in hospital information system has been advanced with NLP and text mining.
For text-based record that has been described in a variety of expressions, the secondary use is a difficult. However, the medical record
analysis is expected to improve medical process and the clinical decision support. The present paper applied text mining to extract the
feature factors of the worsening patient group were using machine learning from the outcome of clinical pathway and admission
records of cerebral infarction. A Clinical pathway is structured medical process. The explanatory variables set three patterns (A: twelve
kinds of outcomes, B: words of admission records, C: A+B). A performance of feature selection was better pattern “C” than pattern
“B”. Some outcomes are considered to affect to high-performance of feature selection. Structuring medical text must be contributed to
improving medical quality.

Keywords: clinical pathway, admission record, text mining.
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