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A Study on Dementia Evaluation Method

Using Stroke Data with Drawing Test
Koya Kawanishi*?, Hiroharu Kawanaka™, Haruhiko Takase™, Shinji Tsuruoka™, Daisuke Takamatsu*
*1 Graduate School of Engineering, Mie University, *2 Social Welfare Corp. Taiyo-no-Sato

Recently, increasing of elderlies with dementia has been one of the severe social problems in Japan. Therefore,
detecting and preventing dementia are pretty important. From viewpoints of dementia early detection, the most problem
is the limitation of test contents and the difficulty of taking a dementia check test on a daily basis. To solve these
problems, the authors focus on a drawing test using a tablet terminal and stroke data obtained in the test. Use of stoke
data for dementia evaluation/detection, we aim to apply the drawing test to various drawing contents. Also, it might give
more opportunities for dementia evaluation test in his/her daily life. It is, however, difficult to collect sufficient data to
build the system because there are many subtypes of dementia. From this background, we propose an unsupervised
anomaly detection method using only healthy data for dementia early detection. As the first step of this study, we discuss
the possibility of a dementia detection using Variational AutoEncoder (VAE) and the required number of strokes for

dementia detection.
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