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Development of browsing-model construction method

of hospital Website using access-log which can not acquire search term
Ryusuke Suzuki, Teppei Suzuki, Shintaro Tsuji, Katsuhiko Ogasawara

Gradutate school of Health Science, Hokkaido University

The purpose of this research is to construct browsing behavior models with higher accuracy by guessing the
intention of browsing behavior that can’t acquire keywords. We created the co-occurrence network using Hokkaido
University Hospital website access-log, and clustering browsing behaviors by the shape of the network etc. Next,
using the log information of browsing behavior, we performed quantification II classification. Bayesian network
was constructed using discriminant models obtained by analysis. It can be classified into five browsing behaviors
according to the intention of browsing, and the discrimination ratio was 64.3%. From this discriminant model, a
Bayesian network model representing the browsing behaviors of each cluster was constructed, and in the
radiotherapy model, the same tendency as the model created from the data from which the retrieval keywords were
acquired was observed. It was suggested that we could make a detailed browsing model estimation.

Keywords: Web marketing, hospital Website, hospital information, Bayesian network
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