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Abstract

Machine learning and deep learning (Deep Neural Network, DNN) have achieved state-of-the-art in various
types of recognition tasks, such as speech recognition and natural language processing, as well as image
classification. When DNN is trained with data samples containing personal or sensitive information, we need to
pay careful attention to the possibility of privacy breach through utilization or distribution of the DNN. In this
paper, we discuss the risks of privacy breach caused by distributing predictions or models of Al by taking

biomedical applications of Al as examples.
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