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Abstract

Extracting knowledge from free-text radiology reports is difficult because identifying compound terms has a
variety of expressions described by radiologists. Thus, we tried to find the feature of the compound term in
terminologies and improve the performance of the terminologies. We used cTAKES combined with RadLex to
extract the compound terms from free-text radiology reports. We manually annotated all the patterns of compound
terms and evaluated the performance of the terminologies using a recall, precision, and F-measure for training and
validation steps. In the validation step, we combined the missing terms that didn't match with the dictionaries of
cTAKES. We surveyed the feature of missing terms. While the most used stem word in the report of each
modality was change(s)(CT and MRI), uptake(PET), and effusion(s)(X-ray). The F-measure of validation was
increased by 31.4% compared with that of training (33.0% vs. 64.4%). The missing terms were mainly consisted
of 2 to 4 words. The word "uptake" was the most extracted as the stem words. Although our results of validation
step improved the performance but it still lower than that of similar research. This was caused by the method of
annotation so that the performance could be improved in future.
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