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Explanation of Machine Learning Models Using Shapley Additive
Explanation and Application for Real Data in Hospital

Yasunobu Nohara ™, Masahiro Kamouchi 2, Naoki Nakashima™
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For using machine learning techniques in decision making process, explainability and interpretability of models is
important. In this paper, we adopt Shapley additive explanation (SHAP), which is based on fair allocation for profit
among many people in economics, for interpreting gradient boosting decision tree model. We compare the
explanation results between SHAP and existing gain method.
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