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The effort for system infrastructure that realizes disease-specific
machine learning models management

Kenichi Hirota ™, Hisashi Osanai ™
*1 Sapporo Medical University, *2 Fujitsu Hokuriku Systems Limited

Recently, there are an increasing number of cases where machine learning is applied to analyzing electronic health
record in medical institutions. In the cases, it is necessary to effectively manage and operate a plurality of disease-
specific machine learning models, however the approach has not yet been clearly presented. This research aims to
present a machine learning platform specialized for medical institutions and a platform that looks ahead to
collaboration with medical information systems. For this purpose, considering the requirements in the clinical field,
we examined the unified management and operation of the disease-specific data sets, machine learning models,
outputs and their relationship. As a result, the machine learning platform is realized with a combination of multiple
open source software, such as using Kubernetes as the container management and Jupyter as a data analysis tool
and so on. Finally, realized diabetes treatment and research on other diseases.
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