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String similarity metric for clinical concept extraction
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While clinical concept extraction is helpful to utilize clinical notes, simple string match is not enough as spelling
variation exists. It is not realistic to claim each terminology resources, that are managed by different groups for
different purposes, should cover all spelling variations for natural language processing. Soft match is a solution for
the problem, however, edit distance does not consider semantics of characters and machine learning is difficult at the
point of preparing training data.

The study proposes a string similarity metric to solve the problem. It utilizes the result of two step character
normalization. The normalization is recursive application of conversion rules defined for each character. The rules
are based on Unicode normalization, adding some rules including alternative forms of character. The first step is the
result of normalization, which almost the same as canonical form of Unicode normalization, using subset of the all
rules and the second is the result of all the rules. The similarity of two strings is 0 if the second result is different, else
the edit distance like metric of the first result. The proposed method could identify the correct variation term of
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99.7% (4369/4384) in the Japanese Standard Disease Code Master.
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