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Extracting Factors associated with Good Practice from a University

Hospital Information System
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Ogawa™, Kyota Nakamura™, Chikara Kunisaki™
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The development of electric health record systems in hospitals has been enormously contributing to daily
management among staffs. In addition, the Safety Il approach, which is known as a resilient management
methodology for quality and safety in healthcare, has been recognized in healthcare field internationally. However,
little is known about how information systems could contribute to quality and safety in healthcare, based on
Safety Il, in university hospitals. Thus, we conducted an exploratory, mixed-method study, utilizing text data from
an incident-report system installed in a university hospital in Japan with a thematic text analysis and a
classification and regression tree (CART) analysis. The study identified three combinations of types of professions
and contents of working activities as contributing factors for good practice. Nurses, pharmacists, other medical
staffs might have contributed to safety environment by providing constantly reporting good practices. Findings
could be only applied with a larger set of data and a more validated methodology, such as analyzing texts with

clinical information from medical records.
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