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Abstract in English comes here.

Cytoscreening for cervical cancer requires a heavy burden on specialists and cytologists, and results may vary
among cytoscreeners and institutions. To address these issues, automatic screening using information processing
will reduce the burden on specialists and enable more consistent diagnosis. Therefore, in this study, we realized
automatic classification of cervical cytology images by data augmentation and YOLOv3 to realize automatic
screening. We recruited pictures of cervical cytology and classified them into six classes according to the
Bethesda Classification. To compensate for the lack of data set, we performed image inversion and filter
processing as data augmentation. In addition, this method detects only cells other than NILM and If none were
detected, it judges to be NILM. The results of the accuracy evaluation of this method showed that the mean value
of the recall was 80.1%. There are some issues that high malignant cells are often confused with other classes of
cells and are prone to detection errors. In future, we would like to introduce hierarchical classification and some

features other than image features.
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