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Towards an Al That is Capable of Explaining in Language
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Abstract

Natural language processing has made considerable progress towards the goal of making computers understand
human language. But two crucial, longstanding challenges remain: Equipping computers with knowledge and
giving them the ability to reason and explain like humans. Our research group aims to develop a new
computational paradigm for explaining decision making in a similar manner to humans, focusing on a range of
NLP tasks that are difficult to achieve in the current end-to-end learning paradigm, but which humans can explain
their reasoning for in language. In this talk, we will discuss issues and future directions for this exciting goal.
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Question

What was the former band of
the member of Mother Love Bone

who died just before the release of “Apple”? (MEN O Sh

is former of
[Mother Love Bone]

Articles

Title: Return to Olympus

[1] Return to Olympus is the only album by the
alternative rock band Malfunkshun.

[2] It was released after the band had broken up and
after lead singer Andrew Wood (later of Mother Loye
Bone) had died...

[3] Stone Gossard had compiled...

[Andrew Wood]
is a member of
[Mother Love Bone]

[Andrew Wood]
died just before the
release of [Apple]

Title: Mother Love Bone

[4] Mother Love Bone was an American rock band..
[5] The band was active from..-

[6] Frontman Andrew Wood'’s personality and
compositions helped to catapult the group to...

[7] Wood died only days before the scheduled release
of the band’s debut album, “Apple”, thus ending the...

Answer
Malfunkshun
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