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Machine Learning based Prediction of DPC from Discharge Summaries
Tomohiro Kimura™ , Shusaku Tsumoto™, Shoji Hirano™
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This paper proposes a method for prediction of DPC from discharge summaries based on machine learning
methods, composed of the following five steps First, morphological analysis is applied to a set of summaries and a
term matrix is generated. Second, correspondence analysis is applied to DPC as labels and to the term matrix, which
generates two dimensional coordinates for all the terms and labels. Third, by measuring the distances between
categories and the terms, ranking of key words is generated. Fourthly, keywords are selected as attributes according
to the ranks, and training examples for classifiers will be generated. Finally, machine learning methods are applied
to the training examples. Experimental validation shows that random forest achieved the best performance and the

second best was the deep learners.
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