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Text Analysis and Sentiment Analysis of COVID-19 related words

in Chinese Social Networking Services (Sina Weibo)
Yingdan Cao™ , Hongjian Zhang™ , Katsuhiko Ogasawara™
*1 Graduate School of Health Sciences, Hokkaido University

Novel Coronavirus COVID-19 was first discovered in Wuhan City, Hubei Province in December 2019, and then
spread rapidly to many countries around the world in early 2020. With the prevalence of COVID-19 infection,
people all over the world are actively using SNS (Social Network Service) to collect, convey and exchange
information in order to eliminate worries about this infection. However, as a problem point of SNS, although
erroneous information on SNS is easy to spread, the research on this information transmission is very important.
This study takes Chinese as the object, collects SNS information of infectious diseases in COVID-19, conducts
time series text analysis and sentiment analysis, counts the relevant word frequency of public concern and
calculates sentiment points. In the analysis, we used Jieba made a statistical analysis of the frequency of
COVID-19-related words in Chinese through morpheme analysis and TF-IDF method. SnowNLP is used to
analyze the sentiment of Weibo one by one, and the sentiment polarity (minimum value: 0 (negative sentiment),
maximum value: 1 (positive sentiment)) are calculated. As the result of this study, 133,958 microblogs were
extracted in a month of March. In the Term Frequency-Inverse Document Frequency of statistical analysis, the top
10 words in COVID-19 are " Confirmed, Cases, New, Virus, Italy, United States, Cumulative, Trump, Infection,

Patients". Distribution of sentiment points, average value is 0.661 (standard deviation: 0.377).
Keywords: COVID-19, Text mining, Sentiment analysis, China, Weibo
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