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Japan's first PMDA approval for Al-based diagnostic imaging
Saori Koshino™!
*1 Department of Computational Diagnostic Radiology and Preventive Medicine, The University of Tokyo Hospital

The Japan’s first Al-based software for diagnostic imaging received approval from the Pharmaceuticals and Medical
Devices Agency (PMDA) on September 17, 2019. The historical event was owing to my following research on computer-
aided detection (CAD) of cerebral aneurysms. The purpose of the study was to demonstrate the effects of deep-learning-
based CAD on the reader’s performance for the detection of cerebral aneurysms in MR angiography (MRA). Non-
certificated physicians, certificated radiologists, and certificated neurosurgeons were asked to detect cerebral aneurysms
on MRA scans with or without CAD. The observers performances were evaluated using receiver operating characteristics
(ROC) and jackknife free-response ROC curves. The computer-aided detection software yielded a sensitivity of 92.1%
with an average of 2.3 false positives per case. The diagnostic accuracy of cerebral aneurysms improved for experts and
non-specialists with the use of CAD. The use of CAD software can reduce the oversights of expert physicians in the
detection of cerebral aneurysms, and can allow diagnostic performance improvements for nonspecialists when it is used
as an educational tool. More than 100 domestic clinics and hospitals have utilized the software in clinical settings.
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