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The breakthrough in data-driven Al has dramatically advanced the use of Al in many applications. However, there is
still a great deal of work to be done to realize Al that can help people in their daily lives, such as in nursing care
and safety support for children, which are urgent issues due to the declining birthrate and super-aging society in
Japan. Human activities in daily living spaces are composed of various elements that are highly individualized, such
as people, objects, and their interactions. How to incorporate this highly individual observational data and build Al
applications is still dependent on human knowledge about the environment, tasks, and people. Unless this
knowledge is explicitly incorporated into computer systems to some extent, Al applications in human living spaces,
especially Al applications aimed at human safety and security, will be severely limited. In this document, we will
overview some efforts to integrate the two approaches of data-driven Al and knowledge-driven Al in daily life space

domain.
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