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Abstract

With the spread of COVID-19, Study of Sentiment analysis to examine the public's concerns and feelings about
COVID-19 are increasing. In this study, we conduct a sentiment analysis on Japan to identify changes and trends in
sentiment toward COVID-19. We conducted a daily analysis using 4,894,009 tweets of Twitter data including the
keywords "corona(==7})," "COVID-19," and "new pneumonia(F1/ifiZ%)" for the period from March 23 to April
21, 2020, which is approximately two weeks before and after the first declaration of a state of emergency in Japan.
We also processed Tweet data into vectors for each word, and employed the Fuzzy-C-Means method, a type of
cluster analysis, for the words in the sentiment dictionary, and set up seven sentiment clusters (Negative: anger,
sadness, surprise, disgust, Neutral: Anxiety, Positive: trust, and joy), and conducted sentiment analysis divided into
Tweet groups and retweet groups. The results of the analysis showed a mixture of positive (joy) and negative
(Anxiety, disgust) emotions. In addition, the retweet group tended to post significantly more negative content. It is
thought that the increase in negative feelings associated with the spread of COVID-19 infection and the feelings of
expectation for infection prevention measures due to the declaration of a state of emergency prompted the increase

in positive values, and it is thought that topics related to COVID-19 tend to spread negative content.
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