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Abstract in English comes here.
We are now expecting to realize technologies for automatically extracting information from medical documents.
However, in relation-extraction between a disease and the symptoms caused by the disease, it is necessary to
extract the relationship while taking "anaphora" into account. In this study, to construct an automatic
disease/symptom relation extractor for medical documents, we investigated the occurrence of zero anaphora,
which requires the guess of omitted terms. We extracted 30 pages from each disease article with ICD-10 codes in
Japanese Wikipedia and the articles in the MSD Manual Professional Edition (Japanese) as the target data. The
MSD Manual Professional Edition contains 2,757 sentences, of which we classified 32, 57, and 150 sentences into
the following categories: 1) intra-sentence relations, 2) same paragraph relations, and 3) heading relations. The
total number of target sentences in the Professional Edition of the MSD Manual was 2,757, of which we classified
40, 58, and 190 sentences into each category. This study investigated the patterns of disease symptom-related
subdivisions in Wikipedia and the MSD Manual Professional Edition as Japanese medical documents. The most
common expression is that the disease in the headline is the target of zero anaphora; therefore, it is necessary to

design the input to the relation extraction model considering the format.

Keywords: Natural Language Processing, Relation Extraction, Zero Anaphora.
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