1B1-0S-11a-05

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

BIIARZ 2 —T)V%y BT —=TICKBF NV

o — DA

Identifying Individual Chimpanzee with Convolution Neural Networks
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The development of information science in recent years has greatly contributed to studies of animal behavior.
We are collaborating with Maruyama Zoo in Sapporo to reduce the load on zookeepers taking care of animals using
artificial intelligence. One of our targets is to automatically create chimpanzee’s Ethogram for health management
and maintenance of breeding environments. Ethogram is an inventory of all behavior patterns of specific individuals
and species. In order to create an Ethogram, it is necessary to identify individuals. Therefore, in this research, we
examined whether each individual chimpanzee can be recognized using Convolutional Neural Networks ,which has
high accuracy in image recognition field. Experimental results showed that it is possible for our system to identify

individual chimpanzees.
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