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This study aims to construct a system to support evaluating credibility of fake news. We proposed a credibility evaluating

model using dynamic relationship network which dynamically determines credibility by relative consistency. This credibility

evaluation model consists of a conclusion node representing the truth and false of the article and a fact node having

information of SW1H. For evaluation of the crudities model, we evaluated the network using non-fake news and fake news.

As a result, it is possible to identify unreliable information from the fact node, and the conclusion node. It was also known

found that the trend of the article can be inferred.
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