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Combining semi-supervised learning and singular value decomposition to Cold-Start problem
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7 1: Co-traing with 2 and 5 models
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000~ 1.058 1.059 -0.001
001~ 1.028 1.065 -0.037
002~ 1.023 1.05 -0.027
003~ 0.94 0.956 -0.016
004~ 0.929 0.917 0.012
005~ 0.932 0.916 0.016
006~ 1.023 1.021 0.002
007~ 1.043 1.031 0.012
008~ 0.881 0.874 0.007
009~ 0.91 0.87 0.04
010~ 0.902 0.933 -0.031
020~ 0.792 0.79 0.002
030~ 0.785 0.814 -0.029
040~ 0.999 0.983 0.016
050~ 0.85 0.831 0.019
060~ 0.825 0.824 0.001
070~ 0.795 0.785 0.01
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