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Topic change judgment using distributed representation for facilitator assistance
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In order to reduce the burden on the facilitator in the large-scale opinion concentration system COLLAGREE, we propose a
topic change judgment method using distributed representation. The proposed method extracts important words from utterances
using extractive summaries and calculates similarities between utterances using distributed expressions. Experimental results
show that the proposed method has higher performance than the comparative method and word extraction contributes to

performance improvement.
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update(R)
for Each pastRE PG do
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: if sim > threshold then
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11: Notify = False
12: if SG={}then
13: Notify = True
14: return Notify
AN, FLEFRSNTIZH S R THEDNTWLHEGEDIF R
% 4 ECHHT2EHT THOD 72O HEED HBE 455
DEFHEATHI6ITH). 2L T, PGICE ENIMEDRZERD
FHEZFHE LG 17 R), BIRESBELZ B TGS, F
CEEBTHLHIESHEA SG ITHIKL 7= 2 3 5 DFEEN L Th
HELTRERTH(9-10 1TH). 2 TOAKE T L% SG 2
L THD, THROLHE R EFILGEHE THLHE S B2V
B, LB TR E THOLHETD.

3.2 FREZILHIE
FE OB EEFHRITR O3B S T TS,

(1) #T0E

FKENBOHEUEHAEOKELZ RSS20, Aifse
TIXRMLERE L CTANY T — R ORRFESCHIEDO BT 21T,
ATEE O FEIZ OV 4 BTl 5,
(2) HENBOELESE

AL O TSR0y R B2 W TR SN A SCOBLLE
BLAATS. CEROBELEFHEOFEICOWTL 4 = THELL
kB,
(3) MEHELEHE

FHEENZ3 S O SCEM OFELE 2% S M ORI ZE8RKE
BRE A G DOE DI TRATERIEZ R DD, K] 2R
IR T LD, 35 M OB fia e ] 25 % e K HE ] 25 TF
D 1 5EIKZECHRIM ZEFEME tValue 13 0 25 1 O#PHER
5. 2 RS M OEFRZEDN/ NIVNEE BIE N TRV E A 7S T 1
12725,

tValue=1—

new. created — old. created

maxTime

maxTime| 3 K 722 R THIETH 5. maxTimel LI
KRBT ORI 2 5. x. created 35 S x eSS
N2 39, AL (R ) 22 AT B 2 5N L CRg ]
HFISIEWSDIZERATELEZ LRSEHZET, damd iR
NP URNCR S ICHE L TEITTINDZENRZ VeV [
ZRELUTz. BARIEQoIOICERS LS.

total = tValue x tWeight + simx (1 —tWeight) (2)

time, simi3ENE AR ZERIAM L 3 5 WA ORIE %
. tWeig tlZR IS HIE D T AR tWeightl3 075>
b1 DEEID. 7z, 2R EBRCAL yRITBL CWEEEIE
SO HHEBE ZHID. MUZ, 2 FEERFRICAL Y RIZ
JBL T2 B I 2RI 2 B L, 585 WAL
R IEfEA N2 72b OE R G FERUEE L.

4. FEEEEHERATL
4.1 AT IT—RBRE

SEEBIC I DR A O RS- 0ITIE R
ENENLRY R HFEL TR E E B MEEL I T 50
O THL BRI T HZENEE ThH. ABFJE T RER MR =
2V MeCab ([ZEBTEHERMNT ORE R, IR OS2 3
REEBRINLI-.

=]

1. SEROEIC R ST

2. (%A, [BEIDRHTHD

3. AREATEhE), TBhEhER ), [R5, TEkE ) o& s
THD.

4, 1XFOOLRLTHD

5. dnadliiy IS R | X PER L 2 E T



1D3-0S-28b-01

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

4.2 EHfFIT

HELRT1ETII okapiBM25[Robertson, 1995]& LexRank[Erkan,

20040 2FFAD BT FHEL AL TR S LEP OHEEIC
KU CTEATEITY. 7AITURA L% Algorithm2 (2757

Algorithm 2 #A B OFFE T LTV AL
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15: if word in sent then
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17: combinedWeight[word] = Weight*sentWeight
18: return combinedWeight
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