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A Novel Story Analysis Method based on the Distributed Representation of Sentences
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Recently, automatic generation and creative support of narrative works like novel and comic by the computer has
attracted interest in artificial intelligence fields. Narratives can be divided into the story and the representation
medium. We focus on story because it is more robust against time lapse than representation medium. Lots of studies
on story analysis have been reported. However, these studies use only surface information such as frequencies of

words and onomatopes.

In this study, we propose novel analysis method based on the distributed representation of sentences generated
by bidirectional long short-term memory and autoencoder.
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