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With the spread of social media and e-commerce websites, the technology of user profiling from users’ action
history has attracted a lot of interest. Users’ action history can be acquired both in the passive way and in the
active (interactive) way, and previous studies have found out how to presume the users’ profile from their action
history which is acquired passively. The purpose of this study was to find out the best way to interact with users
for efficient user profiling. First, we constructed a CNN (Convolutional Neural Network) model which presumes
user’s profile. Next, we proposed three ways to interact with users for efficient user profiling. Two ways of the
three were discovered to be effective to streamline the user profiling.
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