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Applying Ordinal logit model to Self-Attentive-LSTM
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In this research, we propose a method incorporating structure of ordered logit model into output layer of Self-Attentive-
LSTM. This helps to predict ordinal variables. Model with using this method learns relationships among classes since the
order of classes are assumed in advance. We show this model is useful when the objective variable is ordinal by applying to
"The economic watcher", data surveyed by the Japanese Cabinet Office. When predicting the Economic assessment index,
this proposed method improved F-measures of both sides of the ordinal indices compared to Self-Attentive-LSTM.
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3.1 Self-Attentive-LSTM
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JEEEFR T wikipedia D& 7 [wik])»HFE L7z Word2Vec
T LS T FEHL 7 MU L= (Word2Vee DR IEIE 1
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OL-ALSTM Precision | Recall | F-measure

FR 1 | 0.458 0.221 | 0.298
) e 0.504 0.571 | 0.536
0.658 0.694 | 0.676
0.701 0.746 | 0.726
0.440 0.027 | 0.051
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Self- Precision | Recall | F-measure
Attentive-
LSTM
R 1 | 0526 0.166 | 0.252
HIWriE | 2 | 0.508 0.596 | 0.549
3 0.654 0.713 | 0.682
4 0.720 0.735 | 0.728
5 0.800 0.002 | 0.005
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M U722 a MR TE Tz, L, S EIEEL - R4y F v
— 7 —H I EECHIBMEO M (S BV, RV ARERL T
WD EI T — 213 iz, OL-ALSTM £ 5 /L& Self-
Attentive-LSTM 7 /L C TG IC W TIT R E 23 i~
Toiviehotc. S%I1%, M7 —2 DI IRZEVZ—2 D
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