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On Incomplete Noisy Sorting
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This paper discusses the way to sort items by the noisy feedback of pairwise comparisons. An algorithm that
partially sorts items are provided, and its empirical performance is shown.
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Algorithm 1 Iterative Quick Sort (IQS) algorithm.

- WER AR 7o, (RAEIE 0, 7 1 7 & [K].

2 FIHY — MER (1), r(2), ..., 7(K).

3: for 7z —Xp=1,2,... do
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