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This paper discusses the way to sort items by the noisy feedback of pairwise comparisons. An algorithm that
partially sorts items are provided, and its empirical performance is shown.
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Algorithm 1 Iterative Quick Sort (IQS) algorithm.

1: τ0, δ, [K].

2: r(1), r(2), . . . , r(K).

3: for p = 1, 2, . . . do

4: Np ← 4p.

5: Q ← (r(1), r(2), . . . , r(K)).

6: while Q is not empty do

7: Q (r1, . . . , rl) .

8: p ← r(i+j)/2.

9: k ∈ (r1, . . . , rl) : k �= p

p Nk,p :=

min(Np, τk,p(δ/(K(K − 1)/2)) .

10: f1, . . . , flf ← {ri : i �= p, μ̂i,p ≥ 1/2}, b1, . . . , blb ←
{ri : i �= p, μ̂i,p < 1/2}.

11: (r1, . . . , rl) ←
(f1, . . . , flf , rp, b1, . . . , blb).

12: lfin ← |{k ∈ {f1, . . . , flf } : Nk,p = τk,p}|.
13: rfin ← |{k ∈ {b1, . . . , blb} : Nk,p = τk,p}|.
14: τ̂LB ← τ̂LB + (lfin+1)(rfin+1)−1

(K(K−1)/2)
.

15: τ̂LB ≥ τ0
(r(1), r(2), . . . , r(K))

16: If lf ≥ 2 then push (f1, . . . , flf ) at the end of Q.
17: If lb ≥ 2 then push (b1, . . . , blb) at the end of Q.

18: end while

19: end for
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