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Solving the opinion summarization problem in English in the “Can a Robot Get into the
University of Tokyo?” project
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We have been working on the English problems in the “Can a Robot Get into the University of Tokyo?” project.
Focusing on the opinion summarization problem, we show that our method, which uses deep learning with a large
number of English problems, can improve the accuracy over a Word2vec-based method. We perform qualitative
analyses of the trained models and results, and discuss our findings with regards to machine comprehension.
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Stephen: Thank you, Dr. Ishii. I agree we are
living in a time when technology will soon im-
prove even more rapidly. Looking back at the
1900s shows us how people faced rapid changes
in their societies. I think this has lessons for us
today. One of the biggest changes of the 20th
century was the rise of a global society. I be-
lieve airplanes made this possible. For the first
time, people could travel quickly to the farthest
corners of the earth and experience life in other
countries. Certainly telephones and the Internet
had an impact as well. But there’ s no substitute
for traveling to new places and actually meeting
people.

Sue: I’ ve heard this opinion before, Stephen.

Are you saying ?

ERINGE

(1) airplanes helped create our global society

(2) foreign travel was not possible before the 1900s
(3) technology will soon change more slowly

(4) telephones and the Internet were more impor-
tant than airplanes
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More and more young people are fascinated by video games . These games influence
teenagers both positively and negatively . Today , I would like to invite your opinions
on this topic . Thank you .I'd like to express my views on video games . Sometimes ,
teenagers who enjoy playing video games seem likely to attempt the tricks that they
see . This could lead to serious injuries . On the other hand , playing certain video
games allows people to gain skill in using their eyes and hands at the same time .
Having such skills can help young people increase their enjoyment of sports activities .

EI3L: So, Brian, you are saying that video games are helpful in
B

1: developing concentration  3: improving phy:
2: getting serious injuries 4: promoting eyesight
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Good afternoon , everyone . The topic for today is ™ Leadership . " We have with us
Jane , Brian , and Kevin , who are all experts on leadership . I would like to begin with
Jane . Can you tell us about the essential ‘guud leadership ? There
have been several studies conducted on the f good leadership , and
there seems to be some agreement among researchers . A good leader tries to create a
shared vision for the group . This means that all members have a clear view of the goal
everyone is working toward and know exactly what to do to achieve success . The
leader should demonstrate a belief in the abilities of the team and appropriately assign
fasks'to the individuals who can accomplish what needs to be done . In addition , to
help maintain team harmony , a good leader should check for stress , a lack of team
spirit , or a fear of failure among the members and deal with any problems as soon as
they arise .

'EIRT3C: So Jane, one point you are making is that a good leader must

4RI 1: conduct research on the qualities of good leadership

2: exhibit faith in the abilities of the team to complete tasks
3: have a strong fear of failure about the team's abilities
4: select a team with creativity and a good sense of team spirit
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