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Homophily and preferential attachment explain a large part of the formation of online social network(OSN).
However, a unidirectional preference for specific kind of person is not regarded to be an important factor in network
formation. Such preference assumes to have important roles in OSN where no geographical restriction and high
searchability exist. To observe such preference in the social network, we analyzed the user network constructed
by interactions between who tweets about ”leaving home” and who react to them. The network has a similar
structure to a bipartite network which composed of the targeted group(who tweets ”leaving home”) and reaction
group. Furthermore, about 20% of users in the latter group take one-to-many communication with the users in
formar group. We can assume a clear unidirectional preferences exist in them. In addition, we found that a large
part of the tweets from users taking such one-to-many communication have the intention of invitation.
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