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New things and concepts are born everyday in the real world. A database covering such information becomes
indispensable in various tasks such as document understanding, information retrieval, entity monitoring. However,
it is no longer impossible to manage the database manually, so it is desirable to collect these entities automatically
and quickly. We aim to discover new named entities pointing to new things and concepts from social media streams
using distant supervision. In the experiment, we use Twitter as a social media stream, and apply the proposed
method to the weekly tweets. We confirmed that the performance of proposed method outperformed the baseline
in terms of precision@k.
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