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Parallel Implementation of Probability Occupancy Map Generation
for Multiple Human Tracking Based on Graph Optimization
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Multi-camera multiple object tracking methodology that uses probability occupancy map (POM) and graph
optimization can efficiently track multiple people in spite of significant occlusion, even without appearance model
and prerequisite knowledge about the number of people in the target area. However, the computation time of
POM increases according to grid size and number of cameras, which limited latency and throughput. In this paper,
we report the effect of hierarchically applying two parallelization techniques to enhance the performance of POM
generation. As a result, we achieved more than 20 times higher throughput compared to sequential processing, and
reduce latency by 66%.
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