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Scalable distributed deep learning is widely studies for open datasets for visual object recognition, i.e., ImageNet.
In general, when we apply these scalable techniques to real applications, costly model training to domain-specific
datasets is required for accurate recoginition; however, there are a few case studies for distributed deep learning
except for ImageNet in terms of scalability, hyper parameter settings, and generalization, etc. This paper demon-
strates our early activities on accurate human detection from soccer video images using distributed deep learning,
as an instance towards accurate multiple human tracking from application-domain-specific video images.
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2: ChainerMN

1: AAIC
CPU Intel Xeon E5-2630L v4 1.80GHz

(10 cores, HT-enabled) × 2

GPU NVIDIA Tesla P100 × 8

Mem 256 GiB

SSD Intel DC S3510 480 GB × 1
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GPU ×32 (1GPU 32)

0.1× /256 Momentum

SGD (momentum=0.9) Weight decay 0.0001

epoch 10
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AI AAIC 1

1 EDR Infini-

band Director Switch Full-bisection Fat Tree

OS CentOS 7.3

Linux v3.10.0

GCC v4.8.5, CUDA v8.0.61.2, CuDNN v6.0.21, NCCL

v2.1.4, MPI OpenMPI v2.1.2 ChainerMN

v1.2.0, Chainer v3.4.0, CuPy v2.4.0
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