2D1-05

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

RJE FENE L DIR RAR DI IRHEE
Detectlon of a Painter School with Deep Learning Method:
A Case Study of Scenes from the Tale of Genji
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Detection of a painter school often becomes controversial in antique pictures such as scenes from the Tale of Genji painted

in 17th century or before. This paper proposes a noble approach to detect a painter school with a deep learning system focusing
on faces appeared in the pictures. The method successfully classified the pictures painted by Tosa-school, Kanoh-school, Iwasa-

school and others with the accuracy of 96.5 percent in five-fold cross validation.
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