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Identification of the Expression of the Move of Go by Classifier Learning
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The ancient Chinese board game, Go, with its simple rules yet highly complex strategies, requires players to
encircle more territory than their opponent. However, owing to the rise in the capabilities of Go-playing software
and a lack of Go instructors in Japan, there is a need for a software that actively assists human players in learning
the high-level strategies required to win the game. This study focuses on generating a review for each consecutive
player’s move. This paper studies how to generate an expression for each move based on the distribution of the
stones on the board. To this task of generating the expression for each move in a game of Go, we apply a classifier

learning technique.
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&, WRIRIIREMEZ B A TERBIO 2 MBFEE L, R Tl
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C & &9 % [Yoshikawa9s].
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felZU, i S OIS F OB 2 KBS 5 VIE R GR B2 4
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