2F4-05

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

T/ LA

l/ \71;9:‘[] n&%ﬁ:{‘?jﬂ/

A Model for Knowledge Representation Based on the Concepts of Things and Events
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To enable automatic processing of human knowledge, various technologies are being studied, such as Knowledge Graph
and Linked Data. Several other technologies were studied in the past for representing human knowledge, such as the
Production System, Objects, and Frames. These technologies are used to represent knowledge independently of the semantic
contents of the knowledge. In order to enable sharing of knowledge, however, these technologies are not sufficient because
there can be multiple ways of representing the same knowledge with these technologies. To integrate knowledge bases, each
developed by a different group, there must be a guideline or standard that specifies how to represent knowledge based on the
semantic contents of the knowledge. This paper proposes a unified model for representing contents of knowledge based on
the concepts of things and events. This model combines the object-oriented modeling method with Neo-Davidsonian event

semantics.
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