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There are many applications with UAV. Localizing target which has radio source is interesting challenge for UAV and it
enable to search missing people, wild life and so on. There are many researches for localizing target in context of Wireless
sensor networks(\WSNs) and some researches for localizing target with UAV. There are some differences between WSNs’
localization and localizing target with UAV. So, this paper compares methods, which are proposed in these researches and
applicable to localizing a target with UAV problem, via simulation and organizes these methods from the aspect of calculation

cost, accuracy, robustness and trajectory of UAV.
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2.3 Multilateration(ML)
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2.4 Weighted Multilateration(WML)
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