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A Study on Controlling Body Water Content of Tomato Using Image Processing Technology
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Water stress cultivation is a method that raises the sugar content of fruits by deliberately decreasing the amount
of water supply from experience and intuition of skilled farmers. It is difficult for new farmers lacking experience
and intuition to cultivate. Under such circumstances, we considered a water supply control method that automates
the water supply work. In this study, we design a model representing plant body water content and response to
irrigation using Hidden Markov Model. We investigated whether it is possible to control irrigation by using it. As a
result of the experiment conducted through actual cultivation of tomatoes, It was revealed that the value obtained
from the plant model designed using the Hidden Markov Model under specific conditions reflects the change in the

body water content of the plant.
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