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Learning a sense of locality?: labeling local areas by machine learning
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To improve the performance of location-based advertising, a model of “sense of locality” is estimated, where the
output variable is the “label” of each location and inputs are geographical and demographic information associated
with the location. As the input variables are all taken from the Internet, the output is unique dataset that
we collects from people who know well the location. The model is estimated with three methods and XGBoost
outperforms over logistic regression and SVM. The results show fairly predictive power with f1 score of 0.66.
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1:
methods True/False precision recall f1-score

True 0.50 0.08 0.14

False 0.86 0.99 0.92

True 0.73 0.15 0.25

False 0.87 0.99 0.93

True 0.87 0.53 0.66

False 0.92 0.99 0.95
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