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Obijective evaluation for the cystoscopic diagnosis of bladder cancer
using transfer learning
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This paper proposes an objective evaluation method for cystoscopic diagnosis of bladder cancer based on transfer learning
using pre-trained DCNN (Deep Convolutional Neural Network) model. In the proposed method, lesion detection with
comparatively fewer cystoscope images was realized by using the DCNN model pre-trained with a large amount of general
images as fixed feature extractor and by learning the extracted feature vectors with subsequent classifiers. In this paper, in order
to verify the effectiveness of the proposed method, experiments using actual bladder cystoscopic images were performed. As
a result of the experiment, the proposed method achieved 95.7% in sensitivity and 93.3% in specificity in the two-class
classification of normal and flat lesions which are difficult to distinguish, and showed the effectiveness for the cystoscopic

diagnosis of bladder cancer.
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