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Analysis and utilization of the action history of the event participants
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There’s more application in the field of data collection and data analysis recently. POS data for marketing, search or access
log in web, image data with GPS to track human action history, are the remarkable examples. In this research, we collected
the action history of the event participants by using ID card. We report the result of clustering using pLSA , the investigation
for the causal relationship between participants’ movement and booths arrangement, and also consider more application in

the future of this system.
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