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In order for robots to commnucate with users in daily environment, it is important for robots to learn spatial
concepts. Although passive learning of spatial concepts has been studied, these researches have a problem that the
time burden on users is large for the work that the robot learn spatial concepts. Therefore, we propose a method
to reduce the time burden on users by actively operating the robot. In the experiment, we show that our method
is effective for reducing the time burden on users.
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ẑ = ẑt+1:T

I(ẑ, at) =

H(p(m,x1:t | dt))−H(p(m,x1:t, x̂ | dt, at, ẑ))
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