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Search engine is an important tool of modern academic study, but the results are lack of measurement of
beginner friendliness. In order to improve the efficiency of using search engine for academic study, it is necessary
to find a method of measuring the beginner friendliness of a Web page explaining academic concepts and to build
an automatic measurement system. This paper studies how to integrate heterogeneous features including those
generated from the image of the Web page by a variant of CNN as well as those extracted from the body text of
the HTML file of the Web page. Integration is performed through the framework of the SVM classifier learning.
Evaluation results show that heterogeneous features perform better than each individual type of features.
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