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Application of individual behavior model in machine learning based cafeteria visitor prediction model
and its effectiveness analysis
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Various data about individual behavior are becoming more easily available based on IoT related technologies. In this study,
a machine learning based cafeteria visitor prediction model using individual behavior models has been developed. Each
individual behavior model is built up from personal information in our office building. The effectiveness analysis of the
model has been studied by comparing to another prediction model using conventional Random Forest algorithm. Authors
clarified that RMSE of the conventional model and the developed model were 47.0 and 44.3, respectively. These results were

better than the error in the cafeteria’s prediction.
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BETINEMENZ EITIER T 5. /3088 2-3 1% BRSO A&
BRI T IV THVIEAZ LIS RF SPEET LV E21ER T 5.

ETIV 2~4 HHLTWDHR 1 OBIEIZOWT, B EFIH
[E1%c 10 [\E1&1% 10 B2 HISHYS L, BAITEIANNE Ik ES
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