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Responding at appropriate timing is important in spoken dialogue systems. In conventional systems, response
timing is determined regardless of situations. We newly incorporate dialogue situations and estimate appropriate
response timing by taking them into consideration. We design two processing units corresponding to a current
situation and specific response timing. Prosodic features in the two different units are used for estimating the
situation and response timing, respectively. We collected data and trained two models: discriminative and regression
models. Experimental results showed the regression model outperformed that without the dialogue situations by
about 9 points.
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