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Modeling Stream Data with Fluctuated Periodicity and Periodicity Analysis Using Decision Tree
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It is important to capture the periodicity of stream data in the field of natural sciences and real world applications. However, the
periodicity often has not only some fluctuations but also noises. To find out the effect of such fluctuations and noises, we model the data
and analyze. In data modeling, we apply the some randomness to express the fluctuations and noises. Then, we perform a Discrete Fourier
Transform to the data and analyze these power spectrums using Decision Tree.
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