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We are developing a system that predicts a user’s interest level for enabling natural human-system dialogues. The
prediction results can be used for adaptive response generation according to the user’s interest in a current topic.
We incorporate multimodal features consisting of dialogue information such as switching pauses, prosody and verbal
contents in user utterances, and user face images. We also develop two methods to integrate these multimodal
features. The experimental results showed that using multimodal features is promising for the prediction.
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