3E2-02

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

—

AT 2 2

TDITITAR) VTI2Lk5

HEW R Ty 7 REMAEER 75 7 3% — v OEARER

Evolutionary Acquisition of Multiple Block Preserving Outerplanar Graph Patterns
by Clustering Outerplanar Graphs
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Machine learning and data mining from graph structured data are studied intensively. Many chemical com-
pounds can be expressed by outerplanar graphs. We report a two-stage evolutionary learning method for acquiring
characteristic multiple block preserving outerplanar graph patterns from positive and negative outerplanar graph

data, by clustering outerplanar graphs.
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