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k-partition problem with uncertainty of agents’ participation
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In this paper, we consider a k-partition problem with uncertainty of agents’ participation. In a traditional k-
partition problem, all agent are guaranteed to join the assigned partitions. However, some agents cannot join them
in more real-world problem settings. In such a case, some remaining agents have to move from the current partition
to another partition to guarantee k-partitions. However, it requires some costs and loses efficiency. Therefore, we
need to determine a k partitions by taking into account the uncertainty of agent’s participation. In our problem
setting, we assume that at most one agent is not going to participate. If one agent cannot participate, we allow
one agent among the remaining agents to move from her current partition to another partition. We formalize our
problem as an integer programing and show the results of computational experiment.
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